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ABSTRACT 

 

This study investigates the factors influencing the Body Mass Index (BMI) 

status of Medical Technology/Medical Laboratory Science students at the 

University of Mindanao, Davao City, Philippines. Using a quantitative and 

descriptive design approach, 185 respondents were sampled using strat-

ified and convenience sampling methods. The analysis included Fre-

quency, Mean, Standard Deviation, and Ordinal Logistic Regression to as-

sess diet, exercise, and pressure status as regressors of BMI. Findings re-

veal that respondents' age ranges from 17 to 24 years, with a mean BMI 

of 20.55, indicating normal weight status. First-year students predomi-

nantly participated, with more females than males. Most regularly con-

sume breakfast, spend 6 to 10 minutes on meals, and engage in exercise 

sessions of less than 30 minutes, predominantly 1 to 3 times a week. Fur-

ther, most respondents use mobile devices for 4 to 6 hours, and most pre-

fer bedtimes from before 11:00 pm to 12:00 midnight. The final model 

highlights mealtime spent, exercise duration, and bedtime as significant 

regressors for BMI, emphasizing their association with lifestyle factors. 

These findings underscore the importance of academic institutions offer-

ing Medical Technology/Medical Laboratory Science courses to address 

obesity factors. Implementing awareness programs can empower stu-

dents to make informed lifestyle choices. 
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Introduction 
Obesity is the term used to indicate the high 

range of weight for an individual of a given 
height that is associated with adverse health ef-
fects. It is due primarily to an imbalance  

between caloric intake and activity. Increased 
caloric intake and reduced physical activity are 
likely the major drivers of obesity (Axelrad, 
2019). Obesity increases the likelihood of vari-
ous diseases and conditions, which are linked 
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to increased mortality. These include Type 2 di-
abetes mellitus (T2DM), cardiovascular dis-
eases (CVD), metabolic syndrome (MetS), 
chronic kidney disease (CKD), hyperlipidemia, 
hypertension, nonalcoholic fatty liver disease 
(NAFLD), certain types of cancer, obstructive 
sleep apnea, osteoarthritis, and depression (Lin 
& Li, 2021) 

Every country is affected by obesity, with 
some lower-income countries showing the 
highest increases in the last decade. No country 
has reported a decline in obesity prevalence 
across the entire population, and none are on 
track to meet the World Health Organization’s 
(WHO) target of ‘no increase on 2010 levels by 
2025’. The estimates for global levels of over-
weight and obesity  

(BMI ≥25kg/m²), also referred to as high 
BMI throughout this Atlas, suggest that over 4 
billion people may be affected by 2035, com-
pared with over 2.6 billion in 2020. This re-
flects an increase from 38% of the world’s pop-
ulation in 2020 to over 50% by 2035 (Lobstein 
et al., 2023) 

Aligning with the World Health Assembly 
(WHA) targets for 2025, the Philippine Plan of 
Action for Nutrition (PPAN) includes a goal of 
no increases in the prevalence of childhood 
overweight over the period to 2025. However, 
an analysis of available data suggests that the 
Philippines is unlikely to meet this target. The 
childhood overweight and obesity rates in the 
Philippines have increased in recent years. 
Based on the Expanded National Nutrition Sur-
vey (ENNS) conducted by the Department of 
Science and Technology Food and Nutrition Re-
search Institute (DOST-FNRI) in 2019, children 
5 to 10 years and 10 to 19 years, the prevalence 
of childhood overweight and obesity was 
higher, at 9.1% and 9.8% respectively. Several 
risk factors and environmental conditions con-
tribute to the increased prevalence of over-
weight and obesity in the Philippines. One of 
these is the limited engagement of school chil-
dren in physical activities and unhealthy die-
tary habits of older children (Castro, 2021) 

Obesity in adolescents is associated with 
poor diet, intake of high-energy food and 
snacks, insufficient physical activity, and other 
risky lifestyle habits. For example, Munoz-Pa-
reja et al. (2013) reported that obesity-related 

eating behaviors are associated with higher 
consumption of food with high energy content, 
sugar, and alcoholic beverages. Greater time 
spent in light-intensive and sedentary activities 
is associated with higher BMI (Bann et al., 
2015). These may have implications for behav-
ioral approaches to control elevation in BMI 
values.  

Breakfast skipping is common in adoles-
cents, and it is associated with changes in Body 
Mass Index (BMI) and cognitive abilities. 
Breakfast skipping enhances appetite through-
out the remaining day, which leads to overeat-
ing, resulting in overweight and obesity. The 
addition of breakfast is a useful plan of action 
to improve satiety, reduce food motivation, and 
improve diet quality. Eating breakfast regularly 
is associated with less mental distress and a 
healthy lifestyle (Fatima et al., 2020) 

The interrelatedness between obesity and 
psychological problems seems to be twofold in 
that clinically meaningful psychological dis-
tress might foster weight gain, and obesity may 
lead to psychosocial problems. Stress may con-
tribute to changes in dietary behaviors that 
lead to weight change, with various effects re-
lated to sex baseline body mass index, or corti-
sol reactivity in response to stress (Alsultan et 
al., 2018) 

The development of technology and infor-
mation is running very fast, marked by pro-
gress in information and technology, one of 
which is gadgets. This affects excessive use of 
gadgets, and low physical activity makes eating 
patterns inappropriate, which can affect nutri-
tional status in the long run (Anjani et al., 2023) 

Controlling for baseline BMI, children who 
slept less, went to bed later, or got up earlier at 
the time of the first assessment had higher 
BMIs 5 years later and were more likely to be 
overweight. This study underscores the likely 
importance of sleep on children’s physical 
health and suggests that sleep is important for 
understanding childhood weight problems 
(Snell et al., 2007) 

Obesity in university students is also a pub-
lic health problem worldwide, but few data are 
available on this issue. Thus, it is critical to 
identify factors associated with this problem. 
One approach is to evaluate university stu-
dents' dietary patterns, physical activity, and 
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other lifestyles. Moreover, several studies have 
arrived at different conclusions for some fac-
tors. Hence, this research hypothesizes that 
these discrepancies are due to differences in 
methodology. Some studies have examined the 
association between factors and BMI, but oth-
ers have examined the association between fac-
tors and overweight/obesity (Qin et al., 2018). 
Bachelor of Science in Medical Technol-
ogy/Bachelor of Science in Medical Laboratory 
Science (BSMT/BSMLS) is a four-year program 
consisting of general education and profes-
sional courses. One of the goals of this program 
is to develop knowledge, skills, professional at-
titude, and values in the performance of clinical 
laboratory procedures needed to help the phy-
sician in the proper diagnosis, treatment, prog-
nosis, and prevention of diseases (CHED, 
2017). These medical students are future 
health-care providers. They are by themselves 
more prone to obesity due to their sedentary 
lifestyle, stress, and disordered eating habits 
and spending more time with their books and 
gadgets. Despite these issues, it remains a ne-
glected problem. Many studies have proven the 
high prevalence of obesity among medical stu-
dents in India. The psychosocial impact of obe-
sity among young adults is being least bothered 
(Rekha et al., 2022) 

Body mass index (BMI) is a simple weight-
for-height index commonly used to classify 
overweight and obesity in adults. It is defined 
as a person's weight in kilograms divided by 
the square of his height in meters (kg/m2). BMI 
provides the most useful population-level 
measure of overweight and obesity as it is the 
same for both sexes and all ages of adults 
(WHO, 2021). The BMI ranges for adults are Be-
low 18.5 (Underweight), 18.5 – 24.9 (Normal), 
25.0 – 29.9 (Overweight), and 30.0 and above 
(Obese) (CDC, 2021). 

This study benefits Medical Technol-
ogy/Medical Laboratory Science students of 
University of Mindanao since it will assess their 
lifestyle and how it affects their body mass in-
dex status and evaluate the possibility of ob-
taining cardiovascular diseases in the future if 
left unsolved. Also, this study is significant 
among academic institutions that utilize the 
prediction model in assessing medical technol-
ogy/medical laboratory science students' body 

mass index status. Further, programs should be 
formulated to mobilize information about the 
lifestyle, focusing on diet, exercise, and pres-
sure as predictors influencing their body mass 
index status. 

The 1st year to 4th year regular students en-
rolled in the Bachelor of Science in Medical 
Technology/Medical Laboratory Science Pro-
gram of the University of Mindanao, 1st semes-
ter, first term, Academic Year 2023-2024 are in-
cluded in this study. However, students fit the 
established criteria yet are not willing to partic-
ipate for any personal reasons, students who 
took other tertiary programs before shifting to 
Bachelor of Science in Medical Technol-
ogy/Medical Laboratory Science, students who 
are taking medications for mental health is-
sues, appetite stimulants, steroids, and other 
drugs that affect physiologic lifestyle practice 
are all excluded on this study. 

The primary objective of this study is to 
document the current demographic profile of 
the respondents in their personal records for 
future reference. In addition, this study pro-
vides data on respondent's lifestyles in terms of 
their diet, exercise, and coping mechanism un-
der pressure. Further, the predictors influenc-
ing their body mass index will be evaluated. 
Lastly, a prediction model can be formulated 
and set as a reference in assessing future re-
spondents regarding their body mass index sta-
tus. Specifically, this research answers the fol-
lowing questions: 
1. What is the demographic profile of the re-

spondents in terms of: 
a. Age 
b. Sex 
c. Year Level 
d. BMI level 

2. What is the data on diet by the respondents 
in terms of: 
a. Consumption of breakfast per week 
b. Time spent on each meal (minutes) 

3. What is the information regarding exercise 
by the respondents, in terms of: 
a. Duration each time (minutes) 
b. Frequency per week 

4. What is the pressure status of the respond-
ents in terms of: 
a. Mobile devices viewing time per day 
b. Time go to bed 
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5. What are the significant regressors of the 
BMI status of the respondents? 

 
Methods 
Research Design 

This study utilized quantitative research. 
This type of research abides by formal, objec-
tive, rigorous, deductive approaches and sys-
tematic strategies for generating and refining 
knowledge for problem-solving. It consists of 
systematic observation and description of the 
characteristics or properties of objects or 
events to discover relationships between an in-
dependent (predictor) variable and a depend-
ent (outcome) variable within a population 
(Mohajan, 2020). Specifically, this study used 
descriptive design to determine, describe, or 
identify what is, while analytical research at-
tempts to establish why it is that way or how it 
came to be (Manjunatha, 2019). The type of 
data used in this study is primary data collected 
from the respondents, considering the inclu-
sion-exclusion criteria. 
 
Research Instrument 

The research tool was adapted from the 
study of Qin et al., 2018, titled: "Factors Affect-
ing Body Mass Index in Overweight/Obese Uni-
versity Students, Gansu, China: A Cross-Sec-
tional Study. The tool consists of four parts: the 
demographic profile, data on diet, information 
about exercise, and the pressure status of the 
respondents. 

Part one focused on the respondents' de-
mographic profile: name (optional), cellphone 
number (optional), age, height, weight, year 
level, and sex. 

Part two focused on the data on the diet of 
the respondents. It is divided into two domains: 
the frequency of breakfast consumption per 
week and the time spent on each meal. There 
are four options per domain. The respondent 
will mark check the option of choice. 

Part three focused on the information re-
garding the exercise of the respondents. It is di-
vided into two domains: duration each time 
and frequency per week. There are four options 
per domain. The respondent will mark check 
the option of choice. 

Part four focused on the pressure status of 
the respondents. It is divided into two domains: 

gadget viewing time per day and sleeping time. 
There are four options per domain. The re-
spondent will mark check the option of choice. 
 
Sampling Technique 

According to the study of Leblanc and Fitz-
gerald (2000), there is a minimum of 30 obser-
vations per independent variable. Since this 
study had six independent variables, then a 
minimum of 180 respondents is required. In 
this case, the researcher obtained a total of 185 
respondents. Further, this study utilized strati-
fied sampling. The respondents were divided 
into four strata (1st year, 2nd year, 3rd year, and 
4th year students). Using convenience sampling, 
the researcher obtained samples per stratum, 
considering the inclusion-exclusion criteria set 
by this study. 

Survey questionnaires were distributed 
along with weighing and height scales. The re-
searcher gave an orientation about the study 
and its significance. The questionnaire can be 
answered within 5-7 minutes. Questions and 
clarifications are free to be answered. The ac-
complished questionnaires have been tallied, 
and the required statistical tools have been ap-
plied.  
 
Statistical Tools 

This study utilized the following statistical 
tools: 

Mean. This descriptive statistical tool adds 
up the numbers in a set and divides by the total 
quantity of numbers in the set. It helps to assess 
a set of numbers by giving the average, helping 
to contextualize each data point (Hayes, 2023) 

Standard deviation. This descriptive statis-
tical tool measures a dataset's dispersion rela-
tive to its mean and is calculated as the square 
root of the variance. The standard deviation is 
calculated as the square root of variance by de-
termining each data point's deviation relative 
to the mean (Hargrave, 2023). 

Frequency- It is a representation, either in 
a graphical or tabular format, that displays the 
number of observations within a given interval. 
The frequency is how often a value occurs in an 
interval, while the distribution is the pattern of 
frequency of the variable (Young, 2022) 
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Ordinal logistic regression analysis is a sta-
tistical method that describes the relationship 
between an ordered response variable (Y) and 

one or more predictor variables (Y) (Dewi & 
Kusumawati, 2022)

 
Result and Discussion 
 
 
 
 
 
 

Table 1A shows the respondents' demo-
graphic profile regarding age and BMI level. 
The descriptive statistics show that the sample 
consists of 185 observations for the variable 
age. The minimum age is 17.00, the maximum 
age is 24.00, the mean age is 20.1838, and the 
standard deviation is 1.71273. These statistics 
indicate that the ages in the sample range from 
17 to 24 years, with an average age of approxi-
mately 20.18 years. The standard deviation of 
1.71273 suggests a relatively low level of vari-
ability in age within the sample. 

For the variable BMI level, representing the 
Body Mass Index (BMI) levels of the individu-
als, the descriptive statistics show a minimum 
BMI level of 12.48, a maximum BMI level of 
32.47, a mean BMI level of 20.5464, and a 
standard deviation of 3.61793. These statistics 
provide information about the distribution of 
BMI levels in the sample. The BMI levels range 
from 12.48 to 32.47, with an average BMI level 
of approximately 20.55. The standard devia-
tion of 3.61793 indicates moderate variability 
in BMI levels within the sample.

 
 
 
 
 
 
 
 
 
 
 

Table 1B shows the demographic profile of 
the respondents in terms of year level. 1st Year 
(62 individuals, 33.5%) has the largest group, 
constituting 33.5% of the total sample. It sug-
gests a significant representation of individuals 
in their first academic year. 2nd Year (46 indi-
viduals, 24.9%) is the second-largest group, 
comprising 24.9% of the sample, indicating a  

substantial presence of individuals in their sec-
ond academic year. 3rd Year (37 individuals, 
20.0%) is the group that represents 20% of the 
sample, suggesting a smaller but still notable 
portion of individuals in their third academic 
year. 4th Year (40 individuals, 21.6%) has 
21.6% representation, indicating a similar pro-
portion to the third year.
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Table 1C shows the demographic profile of 
the respondents in terms of sex. The female re-
spondents constitute 72.4% of the total. It indi-
cates a substantial majority of females within 

the studied population. The male respondents 
comprise 27.6% of the total sample, suggesting 
a more minor but still noteworthy representa-
tion of males. 

 
 
 
 
 
 
 
 
 
 
 

Table 2A shows valuable insights into the 
breakfast consumption habits within the sam-
ple. Never (18 individuals, 9.7%) suggests that 
9.7% of the sample never consumes breakfast. 
1-3x (71 individuals, 38.4%) has 38.4% of the 
sample, indicating individuals who consume 
breakfast 1 to 3 times a week. 4-6x (43  

individuals, 23.2%): Individuals in this cate-
gory consume breakfast 4 to 6 times a week, 
representing 23.2% of the sample. Everyday 
(53 individuals, 28.6%) suggests individuals 
who consume breakfast every day, constituting 
28.6% of the sample.

 
 
 
 
 
 
 
 
 
 

Table 2B provides insights into the sam-
ple's distribution of time spent on meals. 1-5 
min. (24 individuals, 13.0%) suggests that 
13.0% of the sample spends 1 to 5 minutes on 
meals. 6-10 min. (101 individuals, 54.6%) 
spend 6 to 10 minutes on their meals, repre-
senting the majority of the sample at 54.6%. 

11-20 min. (46 individuals, 24.9%) indicates 
individuals who spend 11 to 20 minutes on 
their meals, constituting 24.9% of the sample. 
>20 min. (14 individuals, 7.6%) suggests indi-
viduals who spend more than 20 minutes on 
their meals, representing 7.6% of the sample.
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Table 3A t provides valuable insights into 
the distribution of exercise durations within 
the sample. >90 min. (12 individuals, 6.5%) 
suggests that 6.5% of the sample engages in ex-
ercise sessions lasting more than 90 minutes. 
61-90 min. (2 individuals, 1.1%) spend 61 to 90 
minutes on exercise, constituting 1.1% of the 

sample. 30-60 min. (45 individuals, 24.3%) 
represents individuals who engage in exercise 
sessions lasting 30 to 60 minutes, accounting 
for 24.3% of the sample. <30 min. (126 individ-
uals, 68.1%) suggests that 68.1% of the sample 
participates in exercise sessions lasting less 
than 30 minutes.

 
 
 
 
 
 
 
 
 
 

Table 3B provides valuable insights into the 
distribution of exercise frequencies within the 
sample. Every day (31 individuals, 16.8%) sug-
gests that 16.8% of the sample exercises daily. 
4-6x (13 individuals, 7.0%) reflects exercise 4 
to 6 times a week, constituting 7.0% of the  

sample. 1-3x (98 individuals, 53.0%) engage in 
exercise 1 to 3 times a week, accounting for the 
majority at 53.0%. Never (43 individuals, 
23.2%) suggests that 23.2% of the sample 
never exercise.

 
 
 
 
 
 
 
 
 
 

Table 4A provides insights into the distri-
bution of gadget usage durations within the 
sample. 1-3 hours (26 individuals, 14.1%) sug-
gests that 14.1% of the sample uses gadgets for 
1 to 3 hours. 4-6 hours (92 individuals, 49.7%) 
use gadgets for 4 to 6 hours, constituting the 

majority at 49.7%. 7-9 hours (45 individuals, 
24.3%) who use gadgets for 7 to 9 hours, ac-
counting for 24.3% of the sample. >9 hours (22 
individuals, 11.9%) suggests that 11.9% of the 
sample uses gadgets for more than 9 hours.
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Table 4B provides insights into the distri-
bution of bedtime preferences within the sam-
ple. < 10:00 pm (25 individuals, 13.5%) sug-
gests that 13.5% of the sample prefers to go to 
bed before 10:00 pm. 10:00 pm-11:00 pm (40 
individuals, 21.6%) prefer to go to bed between 
10:00 pm and 11:00 pm, constituting 21.6% of 

the sample. 11:00 pm-12:00MN (69 individu-
als, 37.3%) represents individuals who prefer 
to go to bed between 11:00 pm and 12:00 mid-
night, accounting for 37.3% of the sample. 
>12:00MN (51 individuals, 27.6%) suggests 
that 27.6% of the sample prefers to go to bed 
after midnight.

 
 
 
 
 
 
 
 

Table 5A presents model information from 
the given variable. The -2 Log Likelihood for the 
final model is 322.589. A lower value indicates 
a better fit. The Chi-Square statistic for the final 
model is 46.563. The comparison between the 
intercept-only and final models suggests that 

the final model provides a significantly better 
fit to the data, as indicated by the Chi-Square 
test's significance level. The lower -2 Log Like-
lihood for the final model further supports its 
superiority in explaining the observed data 
compared to the intercept-only model.

 
 
 
 
 
 
 
 

Table 5B shows the Goodness-of-Fit. The 
significant p-value (0.000) suggests that there 
is a significant difference between the observed 
and expected values, indicating a potential lack 
of fit for the model. The Deviance is  

substantially lower than the degrees of free-
dom, which could indicate a good fit. However, 
the Deviance test's non-significant p-value 
(1.000) suggests that the model fits the data 
well.

 
 
 
 
 
 
 
 

Table 5C shows the Pseudo R-square val-
ues. The Cox and Snell Pseudo R-Square value 
is 0.223. This metric ranges from 0 to 1, with 
higher values indicating a better fit. In this case, 
approximately 22.3% of the variability in the 
despendent variable is accounted for by the in-
dependent variables in the model. The 
Nagelkerke Pseudo R-Square value is 0.257. 
Like Cox and Snell, Nagelkerke's R-Square also 

ranges from 0 to 1. Here, around 25.7% of the 
variability in the dependent variable is ex-
plained by the model. The McFadden Pseudo R-
Square value is 0.125. While lower than the 
other two, McFadden's R-Square is still a valu-
able indicator of model fit. In this case, 12.5% 
of the variability in the dependent variable is 
explained by the model.



JP Silguera, 2024 / Association between Lifestyle Factors and Body Mass Index among Medical Technology 

 

 
IJMABER  2205 Volume 5 | Number 6 | June | 2024 

 

Table 5D. Regression Coefficients and Significance Levels Table 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Table 5D shows the regression coefficients 
and significance levels. Based on the results, 
age, year level, sex, frequency of taking break-
fast weekly, frequency of exercising weekly, 
and gadget usage time are not significant pre-
dictors for BMI (p-value, >0.05). On the other 
hand, meal time spent, time duration of exer-
cise, and time in bed are significant regressors 
for BMI (p-value, <0.05).  

Meal times of 6-10 minutes have lower 
BMIs than respondents taking a meal in > 20 
minutes. Exercise duration of 30-60 minutes 
has a lower BMI than having exercise in <30 
minutes. At the same time, bedtime of 11:00 pm 
to 12:00 has a higher BMI than those who slept 
> 12. 
 
Conclusion 

The descriptive statistics analysis for the 
variable "age" in the sample of 185 observa-
tions reveals a range from 17 to 24 years, with 
a mean age of approximately 20.18 years and a 
relatively low level of variability around this 
mean. Also, the analysis of descriptive statistics 

for the variable "BMI level" provides insights 
into the distribution of BMI levels in the sam-
ple. The BMI levels vary from 12.48 to 32.47, 
with an average BMI of approximately 20.55 
and a moderate degree of variability around 
this mean. This means that the respondents 
have a normal BMI status based on the criteria 
established by the Centers for Disease Control 
and Prevention (CDC). Likewise, the analysis 
regarding the academic year has a diverse dis-
tribution, with the 1st Year being the most rep-
resented, followed by the 2nd Year, and the 3rd 
and 4th Years having similar proportions. This 
means that 1st-year students participate more 
than the other year level, considering the sam-
pling techniques utilized by this study. Lastly, 
female respondents have a higher number of 
participants in terms of participation than 
males, comprising a smaller yet still notewor-
thy proportion.  

The analysis reveals a diverse range of 
breakfast consumption patterns within the 
sample, with a notable percentage of individu-
als in each category. Most of the sample  
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consumes breakfast regularly, every day, or a 
few times a week, while a smaller percentage 
never consumes breakfast. This means that 
most respondents consume breakfast regularly 
in a week. This is to prepare themselves for the 
academic assessments set by the school in-
structors. Consuming a complete meal could 
contribute to energy production for bodily 
needs. On the other hand, the analysis reveals a 
varied distribution in the time spent on meals 
within the sample. The majority of individuals 
spend 6 to 10 minutes on their meals. A smaller 
percentage spends less time (1-5 min.) or more 
time (>20 min.) on their meals. This infor-
mation provides insights into the diversity of 
mealtime habits among the studied population. 

The analysis indicates a diverse distribu-
tion in the duration of exercise sessions within 
the sample. The majority of individuals engage 
in exercise sessions of less than 30 minutes, 
while a significant percentage participates in 
sessions of 30 to 60 minutes. Smaller propor-
tions of the sample spend more extended peri-
ods, either 61 to 90 minutes or over 90 
minutes, on their exercise sessions. On the 
other hand, the analysis indicates a diverse dis-
tribution in the frequency of exercise within 
the sample. Most individuals exercise 1 to 3 
times a week, while smaller percentages exer-
cise every day or 4 to 6 times a week. Addition-
ally, a noteworthy proportion of the sample 
never engages in exercise. This means that 
most respondents do not exercise due to allot-
ting most of their time in studying. 

The analysis reveals a diverse distribution 
in the duration of mobile device usage within 
the sample. The majority of individuals use 
gadgets for 4 to 6 hours, while substantial per-
centages use gadgets for shorter durations (1-
3 hours) or longer durations (7-9 hours and >9 
hours). This means that respondents utilize 
mobile devices for entertainment through dif-
ferent social media platforms, for communica-
tion, for watching lecture videos for educa-
tional purposes, or for reading files in prepara-
tion for academic assessments. On the other 
hand, the analysis reveals a varied distribution 
in bedtime preferences within the sample. Most 
individuals prefer to go to bed between 11:00 
pm and 12:00 midnight, while other substantial 
percentages prefer different bedtime ranges—

before 10:00 pm, between 10:00 pm and 11:00 
pm, or after midnight. This means that the re-
spondents consider staying late at night to 
study in preparation for the upcoming aca-
demic assessments, yet not beyond midnight to 
secure enough strength for the next day's activ-
ities. 

In summary, the statistical indicators, spe-
cifically the Chi-Square test and the -2 Log Like-
lihood, suggest that the final model better fits 
the data, providing a more accurate and mean-
ingful representation than the intercept-only 
model. While the significant p-value raises a 
flag, the non-significant p-value from the Devi-
ance test suggests that the model fits the data 
well overall. Further, the Pseudo R-squared 
values indicate a moderate to substantial vari-
ability in the dependent variable explained by 
the independent variables in the model. The 
model appears to have a reasonable fit, and the 
choice of the R-Square metric influences the 
perceived level of explanation. Based on the 
analysis of the provided statement, it can be 
concluded that certain factors are not signifi-
cantly associated with BMI (Body Mass Index), 
namely age, year level, sex, frequency of taking 
breakfast weekly, frequency of exercising 
weekly, and gadget usage time, as indicated by 
p-values greater than 0.05. However, the result 
suggests that mealtime spent, time duration of 
exercise, and time in bed are identified as sig-
nificant regressors for BMI, with p-values less 
than 0.05. Specifically, respondents with a meal 
time of 6-10 minutes tend to have a lower BMI 
than those taking a meal over 20 minutes. This 
means that the more time a respondent takes 
his meal, the higher the risk of becoming obese. 
The longer the time, therefore, the increase in 
meal consumption. 

Additionally, individuals engaging in exer-
cise for 30-60 minutes exhibit a lower BMI than 
those with exercise durations of less than 30 
minutes. This means that respondent who 
takes less time or does not exercise has a higher 
risk of becoming obese. Furthermore, individu-
als who go to bed between 11:00 pm and 12:00 
am tend to have a higher chance of becoming 
obese than those who sleep after midnight. BMI 
levels are more affected by the number of hours 
of sleep instead of the specific time to sleep. Ac-
cording to the study by Attardo, 2018, titled: “ 
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Sleep, obesity, and how they are related," indi-
viduals who have been deprived of sleep have a 
higher chance of becoming obese. In this case, 
although participants slept before 12 midnight, 
it is not a guarantee that they will get the nor-
mal level of BMI. In summary, the provided 
data suggests that certain lifestyle factors, such 
as mealtime, exercise duration, and bedtime, 
are associated with variations in BMI among 
the respondents. 

Overall, academic institutions offering Med-
ical Technology/Medical Laboratory Science 
courses should highlight the contributory fac-
tors in obtaining obesity. In addition, such in-
stitutions should establish programs to mobi-
lize information to raise awareness among stu-
dents, thus becoming mindful of their lifestyles. 
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